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Problem Statement The Testing Framework

The problem of labeling the connected components (CCL) of a binary All reported results are conducted with YACCLAB: an open-source C++
image is well-defined and it is a fundamental task in image processing and framework for CCL performance evaluation which includes both synthetic
computer vision applications. Most of recent proposals exploit a scan mask and real images.

to perform CCL and focus on performance optimization making use of
optimal decision trees that allow a reduction of memory accesses.

Goals: SAUF mask
1) Improve the speed of CCL nnn
taking into account image nn
patterns occurrences and
altering optimal decision ‘
trees;

2) Speed up CCL operations
using parallelization.

g Check out the project website
2 3 5 ' 3DPeS ‘* and join us on GitHub

Parallel Connected Components Labeling

Creation of an optimal decision tree: if two branches lead to the same action, . L.
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P | BBDT new optimal decision trees, further Results show that the speed up obtained with two threads on SAUF is x1.5 in
q|r|s|t]| mask reducing the total number of memory average and it increases up to x4 on random dataset when 12 threads are
accesses. involved. BBDT shows a greater speed up with low number of threads (i.e. x1.7
with 2 threads, up to x4.7 on random dataset with 8 threads)
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												Medical		6.316		4.414		3.104		2.626		2.542		2.742		2.745
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